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Abstract: Artificial neural networks are considered one of the work areas of artificial
intelligence on the representation of the human spirit through a digital data network
(representing the nerve cell) connected balanced links (which represent the links between cells),
which are processed by the specified mathematical model. The data are only takes no effect, but
if these data are united with the weight they carry in the definition of the task of the neural
network. Where he became one of the most important methods used in contemporary
organizations, and the method used to control risks and their impact on the performance of the
organization, it has increased interest for them, especially with open markets and increased
competition and increased rapidly changing environment, current affairs, hence the multiplicity
of sources of risk to follow up is required for each Foundation seeks to stay and continue on the
market.
Keywords: Artificial Neural Networks, nerve cell, learning algorithms, risk management.
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Source : Carlos Gershenson, Artificial Neural Networks for Beginners, https://datajobs.com/data-science-
repo/Neural-Net-%5BCarlos-Gershenson%5D.pdf, 28/10/2016, p: 02.
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Source : Coakley James R. and Brown Carol E. (2000), Artificial Neural Networks in Accounting and

Finance: Modeling Issues, International Journal of Intelligent Systems in Accounting, Finance & Management,
9,119-144,P 121
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Source : Risk Management & Information Security Management Systems,
https://www.enisa.europa.eu/topics/threat-risk-management/risk-management, 28/10/2016.p: 2.
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Source: LAMBERT —D-C, économies des assurances, édition Armand colin, France, 1996, p 36-42.
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Source: Salvatore Alessandro Sarcia, Giovanni Cantone, A STATISTICAL NEURAL NETWORK
FRAMEWORK FOR RISK MANAGEMENT PROCESS,
www.cs.umd.edu/~basili/publications/proceedings/P120.pdf,28/10/2016 p:5
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